-1010-

PRI AT 2475 20194 8 F 4540 545 8 1 Chin J Epidemiol, August 2019, Vol.40,No.8

- B P e S5 U7 -

HeRE-AGI Rz e g T BICR A e S 0P RE R
W

RPN EHEF EFRED

WA RFAETAEFIRIRATRE Z,Fd 250012; * 0 A K F AR T AL 4R T
5 Fy 250012

WBAEVEH . £ 2%, Email:bjiang@sdu.edu.cn

(FEE] AR, PRI s W 0S54 o a0 ) 286 AN DT 4 , Wil 2 8 B oM O Je A 22k
FERY T AR o WIS S R A48 7 R D T 5l b ] S RS R T AR RS L T B R R SR
FNRAS 3 HERE . B (5 BB PEMZS AR o5 ARG 0 s i R e e , M 17—
SO T WS TR A A S AR S MBSO 7 A A AR A A R AR A4 B R 3
SN B AT T 253k

(RER] GRS 4S5 G SRR

EETE : F AR R A LI (2017FY101202)

DOI: 10.3760/cma.j.issn.0254-6450.2019.08.026

Applications of statistical models on surveillance data in ecological study
Zhao Zhe', Wang Haitao', Jiang Baofa"’
'Department of Epidemiology, School of Public Health, Shandong University, Jinan 250012, China;
*Climate Change and Health Center, Shandong University, Jinan 250012, China
Corresponding author: Jiang Baofa, Email: bjiang@sdu.edu.cn

[Abstract] In recent years, with the improvement of various surveillance network, surveillance
system has become an important data source for ecological study. Different data types, including
cross-sectional data, time series data and panel data, containing abundant information involving
exposure, outcome and confoundings. Gradually, some new statistical methods have been developed or
improved for the special structural characteristics of surveillance data. In this paper, we summarized

the principles of these models, preconditions, as well as their advantages and limitations.
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B T BAE A A e S I s AR LM T I A
1 (best linear unbiased estimator) . Tt 79k 2~ 5%
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AN AR A O BRI E RO RS, ST A AR Y
TS Ay FEATLRSN AR Y | I 28 V- R M AT Bl A
06 J BEPR G 1 (ARSI ] R R AILAR N (14356
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