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Abstract: Urban residential rent space differentiation has always been one of the core contents of urban
geography and urban economics. The residential rent has the inherent regularity in the spatial distribution, and
explores this law information and its influence mechanism, which helps the government to formulate reasonable
price regulation and land use policy. Taking Nanjing "one main city and three subsidiary cities” residential
quarters as research unit, this paper simulates and estimates the spatial distribution of "one main city and three
subsidiary cities" residential rents by using fishnet analysis and Exploratory Spatial Data Analysis (ESDA) , and
explores the influence mechanism of residential rent space difference from three aspects of residential area's
location feature, architectural feature and neighborhood feature by using the geographical detector model. The
results show that: (1) Residential rent in Nanjing generally shows an upward trend, showing a peripheral pattern
of decentering from the main city to the vice city in space, and the spatial structure of residential rent gradually
develops from single nuclear to dual nuclear with significant spatial heterogeneity in residential rent. (2) The
residential rent shows obvious positive spatial correlation and regional agglomeration. The hot spots tend to
weaken from the inner core to the vice cities, and the hot and cold spot spatial patterns are in a circle. (3) The
traffic trend and central tendency are the factors that explain the rent of one house and three houses the most, and
the second one is the explanation power of commercial facilities, financial facilities and residential houses. The
influence intensity of the characteristic factors on the rents of the main city and vice-cities varies. Therefore,
research on urban residential rental space distribution can promote the differentiation of space and an important
driving mechanism, and can predict the basic trend in the future time city residential rental space distribution
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pattern evolution, can provide a forward-looking perspective and analysis tools to the study of urban social space.
Key words: residential rent; spatial pattern; exploratory spatial data analysis; geographical detector; Nanjing
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Fig.1 The study area
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Fig. 2 Trend analysis of residential rent in Nanjing in 2009, 2013 and 2017
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Fig. 3 The spatial differentiation pattern of residential rent in Nanjing from 2009 to 2017
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Fig. 4 Localized spatial autocorrelation of Nanjing residential rent in 2009, 2013 and 2017
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Tab. 5 The detection results of the influence factors of residential rent in different regions
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Fig. 6 Residential rent explained by the characteristic factors of residential in different regions
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